
Large Language Models 
Amplify the Matthew Effect 
in Scientific Research

Contact: 
vincent.thorge.holst@vub.be

Andres Algaba1, Vincent Holst1, Floriano Tori1, 
Melika Mobini1, Brecht Verbeken1, 
Sylvia Wenmackers2 and Vincent Ginis1,3

1 Data Analytics Laboratory, Vrije Universiteit Brussel, Belgium
2 Centre for Logic and Philosophy of Science (CLPS), KU Leuven, Belgium
3 School of Engineering and Applied Sciences, Harvard University, USA



Motivation
§ Human citation behavior (~training data) has 

some well-documented biases (Letchford et al., 
2015; Price, 1976; Wang, 2014; Wuchtly et al., 2007)
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§ Researchers are using LLMs in literature reviews 
(Ng et al., 2025), although a lot is still unknown 
about “real-world” usage
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§ Researchers are using LLMs in literature reviews 
(Ng et al., 2025), although a lot is still unknown 
about “real-world” usage

§ Shortage of experiments that focus on a 
“controlled laboratory” setting (~parametric 
knowledge)
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